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WIN MY GAME AND ENJOY THE MONEY

Your trading strategy performs remarkably well, taking a trade every week over its
16-year simulation. There might be no need to change any of its code, given the
growth rate it can already achieve − which exceeds market averages by a wide
margin.

You do not design your stock trading strategies to only handle past market data. You
design them to handle their future, where the real money is.

You backtest and simulate on historical data to at least show that your strategy would
have survived and prospered in the past. And you want a sufficiently high average
return over an extended period to show that there is something worthwhile behind
that code.

You might face a major setback in the future due to unexpected circumstances. Not
that you would lose it all, but more like a 50% drop in portfolio value. We have seen
those before, and we should expect to see them again. We do not know when it
might happen or what the reason will be. But we know it is part of the game.

Nonetheless, it is a risk we might not be willing to take haphazardly.

Fleury’s OPPW TQQQ Strategy Trading Philosophy

My trading strategy design follows my trading philosophy: holding strength (rising
prices) while aiming to avoid or at least minimize those drawdowns. You will not be
able to avoid all of them; some are too unpredictable, and they will just hit you in the
face.

My program aims to navigate this quasi-unpredictable, tumultuous sea of variance
and play on it.

To do so, it operates on the chicken mentality side of the equation: take the money
when it is there, and try to avoid the losses as best you can. I’m sure you have the
same trading philosophy: give me the money and keep the bad stuff.

But that is easier said than done.

The 16-year simulation using my OPPW TQQQ strategy generated 896 trades, more
than enough to yield meaningful statistics from its trading operations.

The portfolio’s simulation metrics tell the story of how it behaved over the years.
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Where were the profits and losses made, and what, on average, generated them?

One thing about simulations with a large number of trades is that those statistics can
also reveal how a strategy might behave in its future, which would be about the same
as it did in the past, but in a different way, following a different path.

You are better off with protective measures you might not need, or might not be
executed, than having no protection when unexpected bad things occur.

It is not after a major market meltdown or at the bottom of a sudden and sharp price
decline that you need protection; it is before it happens, or before it gets worse.

You know your stock market history. In my case, I’ve read hundreds of books
and papers on the stock market and analyzed hundreds and hundreds of trading
strategies.

The Equal Sign

I now prefer strategies with a mathematical demonstration of their capabilities.

An equal or not equal sign is a brutal statement. You have: it is equal, or it is not.
There is no in between, no opinion, there is no maybe, just a statement of what is. If
you do not agree with an equal sign, you have to prove it is not.

In my articles and papers on this trading strategy, I use the equal sign everywhere.
I know I better be right in their use, otherwise... My critics would have a field day
putting it in my face.

Another way of saying again: if you do not agree with one of my equal signs, you will
have to prove it; your opinion on the subject is not enough. And if you cannot prove
your claim, then the equal sign will stand; you might have to reevaluate your negative
stance.

I know my strategy has not endured all 3 major crashes of the last 26 years. There
were three of significance: the year 2000 bug, which turned out to be a dud but
signaled the collapse of the tech bubble; the 2008 financial crisis; and the COVID-19
meltdown of 2020.

Since TQQQ started trading in 2010, the strategy only had to survive the covid crisis,
which it did remarkably well.1

We know such things can happen again; significant market declines could occur

1 Refer to Figure #5 for the strategy’s drawdown chart in: ADDING LEVERAGE?.
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without being detectable beforehand.2 There is much uncertainty in the financial
world, where you cannot accurately predict the market’s outcome from week to week.
Otherwise, you would already be exceedingly rich if you could.

It should be sufficient to state that your next trade will not come with a certified
guarantee of success, but more likely as a quasi-random outcome on the bet you
made.

Still, you have to invest for the long term and prepare for your retirement. It is not
much of a choice. Making a trade that will last at most 5 trading days is certainly
not sufficient to build a solid retirement fund. Putting your money into a low-interest
savings account won’t be enough to retire on either.

You can put your trust in some financial organization, advisory service, or opt to build
that stock portfolio yourself.

Based on average market returns, your task is all cut out for you. If you delegate
your portfolio management to someone else or some outside portfolio management
organization, all you could hope for is their expected long-term return minus
management fees and expenses. And those fees will add up over some 20+ years.

As a reminder, any fees you do not pay remain in your pocket. However, you are not
playing for lesser fees; your endeavor is for higher net returns, higher than inflation,
savings accounts, market indexers, and market averages. It is not about if you can
get those higher returns. It is about you having to make the effort to get them.

No financial institution will provide you with a ”special” fund just designed for you with
higher returns than their other outside clients. What you will get is the firm’s average
return over many years, after fees, until you liquidate your position.

Most financial organizations offering portfolio management, on average, do not even
outperform the general market indexes. What you will get is something that tends to
the market average and most probably not too far from it (±).

Nevertheless, what you should be interested in is: YOUR average growth rate over
the period. And, as with any compounding investment, time, capital, and its growth
rate are the critical elements.

It will take a lot of time, some 10 to 20+ years, to make it interesting and worthwhile.
Finishing with one million in 20 years will not be enough to get by. Even a 3.5%
inflation rate will double all prices in 20 years; any higher rate will double them even
faster.

2 The Flash Crash in May 2010 comes to mind.
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Whatever your investment methods, to get your average growth rate ḡ, you can

solve the future value equation:
[
F (T )

f0

] 1
T

− 1 = ḡ, since: F (T ) = f0 · (1 + ḡ)T , does

represent your portfolio value at time T .

You can only get to your destination T slowly. That is, day by day, you will tend to
your objective: F (T ). It is a long wait (20 years = 1,040 weeks = 7,280 days). You do
not have that many 20-year periods to waste restarting over and over again.

You will need more than math; you will need confidence in yourself, determination,
and perseverance to carry out your plan for years on end. But you first need to
ensure your plan is viable, realizable, and sustainable.

In Fleury’s OPPW TQQQ proposed method of play, you will face an
average-compounding-return game. I can summarize its portfolio expectation using
the following equation:

E[F (t)] = ē · 100, 000 ·
N∏
i

(1± ri) (1)

which starts with $100, 000 with an average exposure rate of ē = 1.0, equivalent to
having a fully invested scenario. Each trade from i = 1 to N will generate a positive
or negative return ±ri. We can easily state that based on any bet you make (Ft−1),
you get a percent profit or a loss (±rt) depending on the outcome. At anytime within
the sequence of bets, your stake (Ft−1) is on the table and will increase or decrease
according to (±rt).

So, your portfolio will go up and down, one trade at a time. It will also process only
one trade at a time. It becomes similar to a random walk where you can only go
forward, up, or down. There will be no back steps.

We can also view the outcome of our bet as: fi−1 · ri = ±xi, a profit amount or
loss of unknown magnitude. You know the value of fi−1, which is the value of your
trading account before taking a position. As for ±ri, that is the unpredictable part,
and consequently, the amount ±xi is also unknown.

With my program, you get the result of a trade within a week since all trades last
at most 5 trading days. And this is critical, it makes the whole trading procedure a
gambling equation that will fluctuate according to its betting sequence.

Based on the number of trades N you make, you will have:

F (t) = f0 +
N∑
1

±xi

In a simple expression, we have the outcome of all those trades:
∑N

1 ±xi. Even if,
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on average, ri is positive, you could end up with a portfolio loss, since the magnitude
of those profits and losses will count.

You know nothing about the future distribution sequence of those trades as N
increases, except for long-term distribution statistics such as average winning or
losing rates, which will tend to their respective long-term averages.

You can see the progression of your trading system week after week, trade after
trade, and make estimates based on the accumulating statistics.

Equation (1) is dynamic. It evolves as you increase i and add the outcome of a new
trade. If r

i
> 0.0, your portfolio will increase by that factor (1 + r

i
). The same goes if

r
i
< 0.0, your portfolio value decreases by (1 − r

i
). It implies that the strategy’s win

rate will fluctuate from trade to trade and gradually tend to its long-term average:

lim
i→N

∑
±r

i

N
= r̄

The outcome will be impacted by the very next trade i+ 1.

The program’s objective is to have:

E[F (t)] = ē · f0 · (1 + r̄)N , with : r̄ ≥ 0.01

This might not look as that big an objective, but it is.

Requesting a 1% per trade average per week is equivalent to requesting at least a
67% compounded annual return. So, you are not going to play this game for peanuts.

My version of the OPPW TQQQ strategy can easily exceed that 1% requirement; not
by much, but by enough to make a real difference.

My last shown simulation was at r̄ = 0.013. It does not look like much, but it is, since
it is the average of the N = 896 trades taken. It gives, as a rough estimate:

0.58 · A0 · (1 + 0.013)896 ≈ 6, 158, 728, 176

Equation (1) has been around for quite a while. It is equivalent to:

E[F (t)] = ē · 100, 000 · (1± r1) · (1± r2), · · · , (1± rn), · · · , (1± rN−1 · (1± rN ) (2)

Based on a recent simulation, Fleury’s OPPW TQQQ strategy was at N = 896 trades.
So you can imagine that

∏N
i (1±ri) is really a shortcut to represent the same thing as

the long list of N factors in equation (2). Nevertheless, the product function
∏N

i (1±ri)
represents a continuous series of factors of unknown magnitude that will raise or
reduce the portfolio’s value as the number of trades increases.

Having ē = 1.0 implies that all your trading capital is on the table. In my last shown
strategy results, I had ē = 0.5832, indicating that, on average, about 58.32% of funds
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were invested. The average exposure is also represented by the average holding
period per trade of about 3.21 days. It means a position was live, on average, for
3.21 days.

The rest of the time, the strategy was in cash. Therefore, on weekends and for some
market holidays, the strategy would not hold a position but would be in cash in your
trading account, waiting for the open of the next trading session.

We have nothing that will give us what the future value of any of those ri returns
or the xi amounts might be in the future.

However, we know exactly what they were in the past.

A simple simulation will provide those past ri and xi to the penny. We can obtain the
past 896 weekly returns, ri, for i = 1 to N , and examine their statistics and return
distribution.

Figure #1: Fleury’s OPPW TQQQ Weekly Return Distribution

(Click here to enlarge)

Figure #1 gives the weekly return distribution for those 896 trades. All those returns,
both positive and negative, occur almost randomly. You could not take any of those
returns and say, ”Next week will generate a positive or negative return”, with any
degree of certainty.

You have seen that type of return distribution in your own trading strategies,
something that appears almost random, with clusters of positive and negative returns
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one after the other. And, with no apparent predictability available or anticipated. You
cannot even see if there was any seasonality in all those weekly trades.

Nonetheless, the chart above contains a lot of information. It is mostly green,
indicating that, on average, it has more positive returns than negative ones. The
positive weeks are also more frequent. All clues to validate an average positive
outcome.

Here is another picture of the same data as in Figure #1, but grouped by week
number.

Figure #2: Fleury’s OPPW TQQQ Average Return Distribution By Week Number

(Click here to enlarge)

We have 16 years of trading (896 trades), where returns are averaged by week
number (1-52). It could provide hints for detecting seasonalities, if any existed.

The question is: Would you trade knowing that after 16 years of trading, you would
get a chart like Figure #2?

You might be skeptical of Figure #1, even if you see all the green bars, but not of
Figure #2. Yet, it is the same data viewed with a different perspective.

Figure #2 shows the average return by week number. The average geometric return
is about 1.41% per week. This average return is in line with the portfolio’s simulation
metrics.
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Both charts above indicate you had to be there for those 16 years and follow the
trading procedures of this roughly designed strategy to get those results.

There is a big red bar on week #22. It implies that a week in May had an average
negative return of -1.2% over those 16 years. It is the remnants of the Flash Crash
of 2010 that we find in week #22. Something the program would not have escaped.

Should we scrap the whole strategy because of that big red bar, or is it too much to
endure? Or should we go along for the ride, knowing we will see stuff like that in the
future?

You knew this one thing to create that return imbalance in your procedures, such
that it would make you win as if almost by default. This, not by some randomness,
but by concrete trading procedures. You would win the long game by sticking to your
strategy, even when facing volatility head-on.

My strategy uses TQQQ for trading, a 3x-leveraged ETF based on QQQ. It will take
a position on the first trading day of the week and close its position at the latest by
the close on the last trading day of the week. The program can also liquidate a trade
during the week if it hits its profit target or a programmed stop-loss. That is not very
complicated.

Currently, the program will make 52 to 57 trades per year, which we can still increase
profitably.

Each trade lasts at most 5 trading days, which could be increased and also made
beneficial.

For example, under specific circumstances, holding over the weekend could improve
results, just as adding more trades.

Notwithstanding, the strategy has a rather rough design. It is as if the trading strategy
used an axe to structure its procedures. It suggests, all by itself, that there is more
room to improve their outcomes.

I wanted Fleury’s OPPW TQQQ strategy to be as raw as possible, without artifice,
model fitting, curve fitting, or optimization techniques. And the best way to do so
was to start by taking all trades, no matter the market’s condition — no fundamental,
technical, or sentiment analysis to determine the entry or exit of a trade.

We might have expected that we knew nothing about the 896 returns ±ri, since they
were random-like occurrences, just as we do not know the next 896 future returns
±ri, that is, for i = 897 to i = 1, 792. It would be for the next 16 years of weekly
returns.
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But we do know exactly how our strategy behaved during its first 16 years, making
those 896 trades. And that trading activity can provide valuable insights into the
overall behavior of our trading strategy.

It is like having the strategy itself tell us how it behaved in general, and letting us
extract its trading habits from its statistics.

Anyone wishing to use this trading strategy will have to start at week one, and
be ready to follow the weekly trades for the next 16+ years. That will require
patience, perseverance, confidence, guts, and determination from any trader.

Regardless, Fleury’s OPPW TQQQ strategy now has 896 trades after running its
trading script. If it had to blow up, it would have a long time ago. The strategy has
been looking at its future for the past 155 trades and still managed to go up. Not only
going up, but increasing its CAGR in the process. And that in itself is remarkable.

With 896 trades, you start to have valuable statistics on how the strategy behaved
over the years. Do not forget, this does not rule out a future severe market drawdown.
It should motivate us to put in place those protective measures in case we face a
likely future bad scenario.

You can get long-term portfolio metrics that have reached the status of long-term
averages due to the sheer number of trades, making those statistics highly relevant
and significant.

For instance, lim
n→N

∑
(ri > 0)

N − λ
→ r̄+. It will tend to the average percent win per winning

trade as N increases. And with N ≥ 896, it is sufficient to make that claim.

It is not because you are hoping for something that it will materialize. You have
the law of large numbers and the central limit theorem that will kick in due to
that large sample size, which is being used on the same basis and on the same
foundations as anybody else would evaluate such samples.

TQQQ started trading in February 2010. It would have taken a few years to gather
sufficient data to make reasonable estimates based on those statistics.

However, TQQQ is a 3x-leveraged version of QQQ, for which we do have statistics
starting in 1999. It is more than enough (570 weeks) to obtain meaningful
approximations of its volatility and weekly returns.

From those statistics, we could approximate the expected volatility and average
weekly returns by multiplying the numbers by 3 using QQQ’s 11 years of weekly
data. It is not like we didn’t know what to expect. We did have enough historical data
to estimate some ballpark figures.
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A 300-Year Old Equation

The following equation dates back 300+ years. It evaluates the outcome of a game
of chance:

AN = A0 · (1 + b)W · (1− b)L (3)

where b is the bet allocation fraction on each wager, W , the number of winning plays,
L, the number of losing plays, and N = W + L, the total number of plays. An gives
you the state of your stake after n plays. All sounds reasonable, you win a fraction
b of your stake or lose it. Here, A0 is your initial stake, and you will see it rise or fall
after each new play n+ 1 to N .

Many authors have studied this equation over the last three centuries. They all get
to the conclusion that whatever allocation b you make with 0 < b < 1, and with equal
odds, you expect to end that game with less than you started with. For example, with
an allocation of b = 0.10, N = 100, and W = L = 50, you would have:

E[A100] = A0 · (1 + 0.10)50 · (1− 0.10)50 = 0.6050 · A0

A fixed fraction is neither good or bad, it depends how you use it.

The above equation has a degenerative composition. It will ruin you the more you
play and the more you raise the allocation fraction b. All you can manage is the speed
at which you will fail.

Casinos all over the world love that equation. They offer you almost fair games in the
sense that they are not 50/50 games, but more like 49/51, or 48/52, where the more
you play, the more you are expected to lose. For example, 200 plays on only playing
black or red at the roulette wheel would give you for expectation:

E[A200] = A0 · (1 + 0.10)100 · 0.4864 · (1− 0.10)100 · 0.5135 = 0.4613 · A0

leaving you with 46.13% of your initial stake.

A whole industry is built around that generic equation. It has been around for more
than 300 years. A lot has been written about it. All coming to the same conclusion: in
a fair game with a fixed fraction, the expectation is that the more you play, the more
you lose.

You are still the one to decide whether to play. However, do not request a refund
because you did not understand the game. It is up to you to do your homework. One
thing is sure, you will finish by figuring it out just by looking at what is left in your
wallet.

We know you are not expected to win that casino game. But why does it not work,
or how could I outperform that thing anyway? What would need to change?
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In my 2014 paper,Fixed Fraction, you have methods to overcome those limitations
with ease. One of which is not to use equal fractions, but create a positive imbalance,
not only in the betting fraction used but also in the win/loss ratio. So that the above
could be transposed, for example, into:

E[A200] = A0 · (1 + 0.11)100 · 0.52 · (1− 0.09)100 · 0.48 = 1.197 · A0

or do even better,

E[A200] = A0 · (1 + 0.13)100 · 0.55 · (1− 0.07)100 · 0.45 = 1, 004.834 · A0

The problem with the above scenarios is that no casino will ever offer you that type
of game. THEY would be assured of losing, and THEY certainly do not want that.

What is a solution? My answer is simple: you build your own version of that game!!!
You can do it with simple trading rules in your stock trading strategy.

One problem with the above equation is that the fraction b is treated as a fractional bet
allocation. Something you determine before making your bet. It has no consideration
of its outcome. It also assumes you win or lose that bet allocation, a fixed fraction of
your stake, whatever it is at the time of the bet.

With 300+ years of history, many authors have written about this gaming equation.
It was to study games of chance, such as coin flipping. It is why the number of wins
and losses were often made equal: N = W + L, and W = L = N/2, since in a fair
game, both would have the same long-term expectations. The more so, if you play a
large number of plays N , the win ratio would tend to → N/2.

If you are dealing with a game of chance, you should expect a fair game, and that is
E[W ] = E[L] = N/2. If E[W ] > N/2, then you need a good reason for it.

Hoping the win rate is higher than 0.50 is not a solution. You need concrete evidence
that your hit rate is higher than 50%. Otherwise, you are only talking about luck of
the draw. And that luck factor is not assured in the future, no matter how lucky you
were in the past.

Another reason the above betting equation fails is that it is a gaming and betting
system designed for quick resolution. If your b allocation takes months to realize,
then increasing the number of bets becomes problematic.

For example, in the 200 plays case above, that is 200/12 = 16.6 years. And if you only
get 0.4613·A0 out of it, that is the same as having: 0.46131/16.6−1 = −0.0455, meaning
that your initial stake is decreasing at a -4.55% rate over those 16.6 years. So, that’s
again a bad outcome to consider the betting equation as the proper equation for
trading stocks.
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Also, with the market average having about a 10% return per year, your 200 plays
could take over a century if you stayed with the even outcomes of equation (3).

Regardless, most authors have said the same thing: that the betting equation only
leads to ruin. So, put it aside, or don’t play that way or under those conditions.

Fleury’s OPPW TQQQ Portfolio Equation

We get into another realm with my portfolio equation. Its structure is for a stock
trading environment. It is not waiting for a return b as in the allocation problem but
for an unknown return on its bet xi.

Instead of an allocation before the bet is engaged, it is looking to reap its rewards
after the trade is completed and closed.

Yet, both methods use a fraction of the available capital to make a bet. One considers
it as an allocation for an unrealized bet, while the other puts all available capital on
his bet and waits for the outcome before counting the beans.

It should appear as an insignificant difference, but it is a major difference in
perception and outcomes.

If the allocation b in equation (3) was set to 1, meaning using all the available stake,
you could lose it all in a single bet, no matter when that loss would occur in the
betting series. Regardless, that would occur early in that series of bets. You would
have 1

2N
of surviving n flips of that fair coin. You would not be able to go very far and

quickly lose it all.

My portfolio equation does not depend on a fixed allocation b. It waits for an unknown
percent ri outcome, a percent win amount, or a loss within the 5 trading-day time
limit.

My equation does not have that many parts. It is all based on a strategy’s simulation
metrics. In a way, it represents what happened due to all the strategy’s trading
activity.

E[F (t)] = ē · 100, 000 · (1 + r̄+)
N−λ · (1− r̄−)

λ (4)

where: ē is the strategy’s average exposure rate; r̄+ =
∑

r+
N−λ

, the average percent win
per winning trade; r̄− =

∑
r−
λ

, the average percent loss per losing trade; W is the
number of winning trades, and λ the number of losing trades; W = N −λ, and in this
strategy W > L, with N the total number of trades.

In my latest presented simulation, I had the following portfolio equation taken from
my paper Dealing With Randomness:

F (t) = 0.5790 · 100000 · (1 + 0.0443)500 · (1− 0.0255)396 = 5, 406, 641, 496 (5)
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which explains the strategy’s portfolio outcome. It had 896 trades over its 15.9 years
of trading.3

We can easily observe that N − λ > λ, or W > L. With a win/loss ratio of N−λ
λ

=
500
396

= 1.2627. A win rate of: N−λ
N

= 0.5580, and a losing rate of: λ
N

= 0.4419. You
got those numbers from the simulation results, not from an allocation equation using
hypothetical numbers.

You got those metrics from the simulation, not some theoretical thing. It is also
a concrete demonstration that the equation has a real-life parallel.

The allocation equation gives the following for its win and loss rates:

lim
N→∞

W

W + L
= pw = % win ratio

lim
N→∞

L

W + L
= pl = % loss ratio

which is expressed differently in my equation:

lim
n→N

N − λ

N
= average % win ratio = 0.5580

lim
n→N

λ

N
= average % loss ratio = 0.4419

Those last two results are for the long-term averages from equation (5), and not
some hypothetical values.

The above also represent the long-term average these values can reach.

After 896 trades, these values had sufficient time to settle down to their respective
long-term expectations. Adding a trade (N + 1) will not change the average win
percent per winning trade by much. It should be r

N+1
= ±r

N+1
/(896 + 1). That will

have a small impact on the long-term average percent win per winning trade. The
same will apply for −r

N+1
; it will have little impact on the average percent loss per

losing trade.

You need to look at the gaming side of it all.

So again, we redesign the game as a coin-flipping game; it’s always been: you win,
or you lose your bet. It has an expected gain equation:

E[Gain] = 200 · 0.5− 200 · 0.5 = 0

where you win or lose 200 with a probability of 0.50. If you do it 100 times, you get:

E[Gain] = 100 · [200 · 0.5− 200 · 0.5] = 0

3 Refer to Figure #1 in the above-cited paper for those portfolio metrics.
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you still have the same expectation. But if you change the odds as in a casino game,
you could have:

E[Gain] = 100 · [200 · 0.5 · 0.48− 200 · 0.5 · 0.52] = −400

and it would only get worse if you played more.

If the odds are not in your favor, they are not, and you should skip that game unless
you are ready to pay for its entertainment value. Regardless, it is always your
decision to make.

Where Is The Big Question?

Here is the big question: Why does Fleury’s OPPW TQQQ strategy work?

What basis can I provide that not only will address all the randomness encountered
but also the mathematics to support those claims?

The easiest way is to put an equal sign on the table.

First, anyone can verify what I present since my version of the core program for my
OPPW TQQQ strategy has been made public since early November 2024.

The strategy results since then have continued to improve with the addition of new
trades and a few minor program modifications. You can find descriptions of some of
these program modifications in my articles on the strategy since its release (some
45 articles).

We need to go back to the gaming behind this trading strategy and examine what is
going on.

If you have a fair coin-tossing game, it will have the 50/50 expectation as described
earlier. And that scenario, with equal bets, has an expected value of 0, as given
above. At the very least, it is what should be expected.

Therefore, if we make 10,000 flips of that coin, we should expect: 50% Heads, and
50% Tails. Even if it is the most expected outcome, getting zero will not happen that
often.

The variance on this is npq, and therefore, σ2 = 10, 000 · 0.5 · 0.5 = 2, 500 with a STD
of 50. You expect 66% of those flips within a spread of ±50 from the expected mean
of zero. It also means that 66% of flips in those 10,000 will not be further away from
the mean by more than 50 flips.

You could win that game, but only by luck. And if the market had such randomness,
you would not win that game due to your skills or some brilliant method of play, but
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only by luck of the draw. As expected, the market is not that random; it is only near
random-like.

What about if the coin was biased? For example, with 52/48 odds. On 1,000 flips,
you should expect 520 heads and 480 tails. And if you always bet on heads, you
should get all 520 heads. Not because you were lucky, but simply because you got
all the heads. Then, to win that game, you would only need to know that the coin is
biased in your favor, and always play in the same direction of that bias.

If you had used a fair coin instead, you would have had 500 heads and should not
have expected more. A 52/48 or 48/52 distribution will not give the same outcome.
You know, before you start, that the casino is offering you nearly 48/52 odds on its
games, and it expects to win in the long run. One thing is sure: the casino has no
doubt it will win.

You know, in general, that the stock market has a long-term upside bias return ≈ 10%
per year with more up weeks than down weeks, something closer to a 52/48 split.
Just going long every week would let you capture that 52/48 upside bias.

Taking a trade every week as Fleury’s OPPW TQQQ strategy does, you will get
the same number of up weeks as there are in the price series.

Again, simply because you are taking all of them by going long week after week.

Here is the kicker : the market, over its 200+ year history, has managed to keep that
52/48 upside bias. You should, therefore, not be surprised to have a hit rate near
52/48.

Your trading methods could improve those odds, even if only slightly, thereby
improving your portfolio’s long-term performance. Nevertheless, you should consider
that over the long haul, the upside bias is on your side. You should take advantage
of it.

You are not looking to win all trades, only to have a higher win rate than just by
chance, something higher than 52%. At the current stage of Fleury’s OPPW TQQQ
strategy, the long-term win rate is at 55.80% (see equation (5)).

The most significant part of equation (5) is the average percent win and loss per
trade, which created a positive imbalance in the average percent return per trade.

I created this imbalance with the trading procedures used.

It is not by luck that I arrive at those numbers; it is deliberate and of my making.

Most of the profits are due to the strategy’s break-even clause with its chicken
philosophy.
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If the strategy sees some red at the close of a trading day, it will try to get out of its
position at break-even or close to it the following day. Thereby, producing a trade
with zero expected profit or loss (a Type-C trade).

The making of no profit or loss on some trades becomes the major reason why you
end up winning the long game.

The best part is that you cannot avoid it over the long haul if you follow the trading
rules. You will find an extensive explanation on this in my papers, Dealing With
Randomness, and A Casino Gaming Equation. Look up Figure #5 in the Gaming
Equation paper for a distribution of the program’s trades. It should be evident, and at
a glance, that you are dealing with a quasi-random distribution of returns over those
15.9 years. Just look at Figures #1 and #2 above, they tell the same story.

Also, look up equation (22) of the last cited paper, which provides a reasonable
representation of what the strategy is doing, including its Type-C trade, intended to
produce nothing.

It is what makes a difference. I restate it below to make the point where all four trade
types were represented:

100, 000 · (1+0.08)134.4 · (1+0.031)331.5 · (1−0.00)295.68 · (1−0.069)134.4 = 5, 182, 061, 658 (6)

it used simulated gaming data as explained in the above-cited paper.

When applying the same principles to my portfolio equation, I would get:

E[F (t)] = ē · 100, 000 · (1 + r̄+)
N−λ · (1− 0.0)

2·λ
3 · (1− r̄−)

λ
3 (7)

where losing trades would be spread into Type-C and Type-D trades in about the
given proportions. We are dealing with long-term averages such that:

lim
n→N

r̄+ → +4.43%

and
lim
n→N

r̄− → −2.55%

The edge is:
r̄+

r̄−

=
0.0443

| − 0.0255|
= 1.7372

It is a tremendous edge, and it will have a tremendous impact over the years.

We can project these average returns per winning and losing trade in the future:

lim
n→N·(1.10)

r̄+ → +4.43%
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which could project 89 trades in the future (1.7 years). We could make projections
for even further in the future by increasing the projected number of trades:

lim
n→N·(1.20)

r̄+ → +4.43%

which would project 179 trades in the future (some 3.4 years).

Also, in the future, we will have the trades distributed about the same as in the past.
These trading methods will not change the random-like nature of the price series or,
by extension, the market. All we will have is a different path, a different price series
with its upside drift. You have over 200+ years of market history to support that.

My 2014 paper, Fixed Fraction, covered how to compensate for long-term return
degradation, and it also showed that simply creating a positive imbalance in the
return distribution to the winning side was sufficient to increase overall performance.
The paper even showed you could easily overcompensate and reverse that long-term
return decay.

You could put compensation measures in your trading routines, or go straight out and
structure this overcompensation willy-nilly simply by jumping to a level higher than
required to make it happen.

Your program must implement this imbalance in whichever methods you choose. The
market will not give that away just for your participation in the game.

It can lead to more refinements where we could separate the positive side as we did
for equation (7):

E[F (t)] = ē · 100, 000 · (1 + r̄++)
N−λ

3 · (1 + r̄+)
2·(N−λ)

3 · (1− 0.0)
2·λ
3 · (1− r̄−)

λ
3 (8)

Type-A Type-B Type-C Type-D

The equation is now by trade types. We do not have a normal distribution. But if we
did, we would have 34% on each side of the zero mean corresponding to Type-B and
Type-C, plus 16% outside, which approximates beyond the one standard deviation
for Type-A and Type-D. It is about what equation (7) gives.

What might be surprising is that we made no effort to get equation (7) or (8). All the
terms follow a quasi-normal distribution. It is our intervention, our chicken trading
philosophy that makes a difference, and quite a big one.

You are trading on randomness, and you win; not by chance,
but just by the way you structured the game.

You still do not know the outcome of the next trade, but you know it will fall into one
of the four trade types, regardless of the quasi-random attribution process. You will
get a continuation of equation (7) by simply following the trading rules.
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You are winning because of Type-C trades, intended to do nothing. We expect no
profits from Type-C trades, yet it is the main reason the strategy is performing so
well.

The expression: (1 − 0.0)
2·λ
3 in equations (7) and (8), evaluates to 1.0. It is given in

this form to show its origin and the number of times it can occur. We expect to have
2·λ
3

of Type-C trades with no impact on overall results.

Type-D trades will almost annihilate Type-A trade results. Type-C trades will produce
nothing, and Type-B trades can roam free until their close on Friday’s closing price.
A Type-B trade is equivalent to a buy-and-hold scenario lasting at most 4 or 5 trading
days.

The money that ultimately accumulates in your trading account is mostly traced back
to Type-B trades. All Type-B trades are positive, and they represent about 34% of all
trades N .

So, you sacrificed: trends, mean reversion, predictions, arbitrage, market neutrality,
and price forecasting for randomness of the draw in a highly volatile 3x-leveraged
scenario. What a deal!

To make matters even worse, you forced all your trades to close within 5 trading days.
The portfolio will wiggle and swing around all over the place. However, equation (7)
will prevail, just as equation (5), due to this higher short-term volatility and despite
the quasi-randomness of the draw.

Going For More Protection

At the beginning of this paper, WIN MY GAME AND ENJOY THE MONEY, I hinted
that the strategy needed additional protective measures in the event of a major price
decline. We might not know when it will be upon us, but we do know that it might
come our way in a not-too-distant future, and probably unexpectedly.

There are many such dire predictions around. Most will never realize as too
nonsensical, or might not happen within one’s lifetime or two.

We need more protection, not less, especially in a 3x-leveraged trading strategy.

As previously stated, it is better to have the protection in place and not use it
than not have it. This added protection is also a choice you need to make. Not
doing it might not be the wisest of moves.

I emphasized that my OPPW strategy not only has an upward long-term bias but
also has an upside trading edge, a result of its Type-C trade, as explained above and
in my articles.
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Fleury’s OPPW TQQQ strategy’s program trading rules are sufficient to make you
win the long game, using less than 10 minutes of your time per week. You can
pre-program all your trading activity, or do it by hand if you want.

I go for the lazy side of things in trading. Well, that is not quite right. It is more
like: I always look for the easiest solution first, then add refinements and protective
measures later as needed. At least, I will see the strategy’s potential before those
protective measures and constraints can curtail it. Often, the first, and lazy, solution
can be a good starting point for determining whether it is worthwhile.

So, here is the easy solution: skip bad trading periods.

Any time you see the market go down and you do not see how far down it can go,
stay out, stay on the sidelines.

The strategy is in cash every weekend. You could decide before the next trading
session opens to NOT participate and remain on the sideline. Remain in cash to
avoid what you might estimate as a down week, for whatever reason.

You intend to play the long side; there is no good reason to buy if you estimate the
trend is down. For this, you will need something to identify what you consider as
an up or down trend. It could be as easy for you to look at a chart of the S&P and
determine if the price is in an uptrend.

Not participating in the market will have the same effect as if you had generated
a Type-C trade. That move will not change your portfolio value; from a cash
position, you remain in cash. And if the week is down, you won your bet by not
losing any money.

You can also opt to get out of your position at any time of the week, not just when the
program executes its orders.

You can override the program’s trading logic, meaning you can override the program
at any time of your choosing for whatever reason you have. That is a great attribute,
and a valuable one. It would be like passing on the coming bet. Just like the Type-C
trade is a clawback of your bet with no negative consequences.

At times, you know better than your program. Your program lacks experience,
know-how, and understanding of historical events. You should be ready to provide
it. You should be the big red button that stops the program from taking a trade or
liquidates a position with no further delay. Even if it is a good program, it still needs
human supervision.

You see price weakness coming; why not get out of the way with your profit or loss.
However, it is preferable to do so when you have a price advantage, i.e., when
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your position is profitable. But you can also override while prices are falling to stop
bleeding money.

You can override the trading strategy at any time. All it does is inject a delay into the
trading process and freeze your portfolio’s value for a few days. You could start a
new position the very next day if you still have 2 to 3 days to go before the end of the
trading week. I have expressed that often: you are the one in charge of your trading
portfolio.

You have a 2% to 4%+ profit early in the week, override the system, and take the
profit.

Your original objective was to average 1% per week. Well, making 2% to 4%+ profit
in any week will meet that goal.

Any of the following should be acceptable as average weekly returns.

1% per week = 67.76% per year 20 years = 3, 120, 432% · A0

2% per week = 180.03% per year 20 years = 87, 938, 414, 647% · A0

3% per week = 365.08% per year 20 years = 2, 242, 403, 142, 535, 480% · A0

It remains a choice you can make. You can easily imagine that you should forget
about the 3%+ per week scenario above, you will not be buying the planet.

You have a trading strategy that continuously compounds its returns week after week.
The more you raise your average return ḡ, the more you will get as you put in more
time.

Anything above 1% per week, you can do. It is what Fleury’s OPPW TQQQ strategy
has shown in successive simulations since its beginning in May 2024 (r̄ > 1%). The
January 29, 2026, simulation had r̄ = 1.43%.4

What is needed to get that average 1%+ per week is relatively easy.

As a reminder, TQQQ is a 3x-leveraged ETF that mimics and amplifies QQQ’s price
moves. Therefore, a 0.33% rise in price in QQQ is sufficient for a 1% move in TQQQ.
And, should you want to count, QQQ can do that more than once a week, if not a few
times a day. There will still be some weeks where you do not get that +0.33% rise in
QQQ, but more often than not, you will get higher price moves.

Over the last 9 months, my friend has overridden my strategy 27 times, 25 of which
were at a better price than what the program did. That is a 92.6% success rate in
a game where the outcome of your bets is considered as if quasi-random. Every

4 Taken from Figure #3 in A CASINO GAMING EQUATION.
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week, the program takes a long position regardless of market conditions. At times,
she would take two trades in a single week.

Due to the randomness of the draw, she should not have reached that level, but she
did. She likes to play the chicken side of the equation, especially in a game with high
volatility present. There is a lesson to be had here. And I encourage her to keep on
overriding the program whenever there is a profit.

My OPPW TQQQ trading strategy could also be a backdrop to your approach to the
game, providing some context for what you can do in the markets. And, to make this
thing even more outstanding, you reserve the right to override the trading procedures
at will, whenever you think you should.

You get a double objective: one to help preserve your capital, and the other to take
a profit when you can. You will not win all the time, but you will win more often than
not. The strategy has a positive edge, and it is in your favor.

This override process could also serve as your protection in scenarios where you
see a potential significant downfall in your future trading.

While you are not in the market, your portfolio does not decline in value. Skipping a
week, here and there, based on whatever reason you have, is like getting a Type-C
trade producing nothing, except that you are generating it, and not the program.

That could be some great downside protection. If it can eliminate half of Type-D
trades, it will be a worthwhile protective move. And if you take 2% to 4%+ on one to
two trades in a week while they are showing their profits, that would be great too.

You do not have to play all trades; you can skip a trade, stay on the sidelines for a
few weeks if you want. You do not even have to program that protection; you reserve
the right to override the whole system by hand, if necessary.

You are in the game to make money. And if it requires you to use a chicken method
of play, so be it.

Add to your trading program what it can’t have: an outside perspective on your
trading environment, until you program one in. And once the added downside
protection is in, it will deliver further performance improvements.

One Solution For One

I restate equation (5) above from my paper, Dealing With Randomness, which
represented the outcome of Figure #1 of my Dec. 31th, 2025, simulation using
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Fleury’s OPPW strategy:

F (t) = 0.5790 · 100000 · (1 + 0.0443)500 · (1− 0.0255)396 = 5, 406, 641, 496

with its 896 trades over its 15.9 years trading. I intend to use it as a reference
point. The portfolio’s equation outcome has improved since then, driven by additional
trades and improved trading procedures. As a reference, it can still serve its purpose.

My OPPW strategy is playing return percentages all the way. It is what makes
it scalable. However, it is also what could make it unique. It plays on TQQQ’s
volatility statistics, which have their unique history of daily and weekly variations.

If I wanted to handle other ETFs or stocks, I would have to adapt to their unique price
histories.

Your trading rules can have a history of their own if there are sufficient trades to make
reasonable averages based on those rules. We could develop similarly structured
trading strategies, learning from their respective statistical data to uncover their
potential forward.

How a strategy traded in the past can provide us with valuable information on how it
could trade in the future. You know stocks, daily, will fluctuate similarly as they have
in the past. You do not know which way those prices will go, or by how much.

Every stock and ETF I might want to trade will have
its own and unknown future trading history.

Based on the strategy’s past trading history, we can extrapolate on its future
potential. Stock and ETF prices are dynamic; they continuously change and often
independently. Nonetheless, some 25% of those price moves are highly correlated
to their market averages.

As mentioned: Fleury’s OPPW TQQQ trading strategy is not a universal tool.
But it could serve as a program template.

It is not a program that will handle every stock or ETF. My OPPW TQQQ trading
strategy should only trade TQQQ in its current state. If I want to use my strategy
as a basic template in structuring other strategies, that’s fine. But first, I will have to
adapt all price targets and stop-losses to the stock or ETF I want to trade.

My version of the OPPW strategy handles TQQQ historical volatility. TQQQ will
remain volatile because it will continue to mimic QQQ.

I expect volatility to increase in the future. Documents dating back to 1900 have
stated that volatility is proportional to the square root of time. And no one has denied
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that yet. The surprise is that, by playing volatility, it tends to ease and improve the
strategy’s profit potential as volatility increases.

Fleury’s OPPW TQQQ strategy trades on TQQQ’s volatility by capturing part of its
weekly returns from its quasi-random price fluctuations. Other stocks or ETFs would
have their own histories of price variation. Many of those price variations partly mirror
market averages that have been in plain view for years.

I should not use Fleury’s OPPW TQQQ strategy on QQQ.
since it would be much less productive than with TQQQ.

With TQQQ, I am dealing with a 3x-leveraged version of QQQ that tracks QQQ’s
every move. I therefore expect QQQ to fluctuate 3 times less.

My average percent profit per winning trade or average percent loss per losing
trade would also be 3 times less than with TQQQ.

If I request a 7% or 8% profit target for QQQ, it might not materialize simply because,
on average, its volatility is lower than TQQQ.

We could use Fleury’s OPPW TQQQ portfolio equation, reduce its average win and
loss percentages by a factor of 3, and get a rough estimate of applying a reduced
version of the program to adapt to QQQ’s price moves.

QQQ is the only ETF we have that we could use for this purpose, since TQQQ
will mirror and amplify its every move. There is an intermediary solution in QLD: a
2x-leveraged version of QQQ.

QQQ could also serve as a proxy for other comparable non-leveraged ETFs that
have leveraged versions. The overall return we could get on QQQ could be of the
same order of magnitude as other ETFs with similar stock representation.

For example, we could adapt equation (1) to account for the reduction in returns with
the following equation:

E[F (t)] = ē · 100, 000 ·
N∏
i

(
1± ri

3

)
(9)

which has all TQQQ’s returns divided by 3. It does not change the strategy’s path;
only the percent win or loss per trade.

Equation (9) above is consequential. From TQQQ’s portfolio metrics, we can
estimate what QQQ would have produced under the same trading rules if we reduced
QQQ’s profit targets and stop-loss levels by a factor of 3.

The trading procedures remain the same: you still buy the open on Mondays, and sell
at the latest on Friday’s close. The program changes would be limited to adjusting
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profit targets and stop losses to a lower level by a factor of 3. Type-C trades would still
tend to zero. The outcome of all profits and losses from any ±ri would be reduced
by 3x.

Based on the same TQQQ portfolio metrics given in equation (5), a rough estimate
would give the following:

F (t) = 0.5790 · 100000 ·
(
1 +

0.0443

3

)500

·
(
1− 0.0255

3

)396

= 3, 003, 942

That is 1,800 times less than with TQQQ under equation (5).

Let that sink in for a moment.

Over those 15.9 years, the above result is equivalent to a 43.16% CAGR, which is
far from my OPPW TQQQ Dec. 29 results of 98.67%. Money-wise, see how huge
the difference is. Nonetheless, the 43.16% CAGR would have been better than the
17.97% CAGR achieved in a buy-and-hold scenario over the same period, which
would have given 1, 312, 467 on the 100k invested.

No matter your trading scenario or the trading strategy you use, you have to put the
money on the table, meaning you have to take a position.

If you put your money in SPY, DIA, QQQ, QLD, or TQQQ, your money will be at risk.
It is your method of play that will make a difference.

It is what you will do after taking a position that will count; your strategy has to
determine the outcome of that trade.

But first, you have to decide which way you want to go: do you put your money in
SPY, DIA, QQQ, QLD, or TQQQ? All five scenarios have your money on the table
and therefore at risk.

All you are considering is the future potential growth rate of those ETFs. And your
portfolio growth rate should be your major concern: how high can you get it?

You used Fleury’s OPPW TQQQ program, reduced all profit targets and stop losses
by a factor of 3, maintained its break-even procedures, only to adapt to QQQ’s
volatility; and you got 1,800 times less profit than in equation (5).

QQQ’s price moves are amplified in TQQQ, just as in QLD, and over their respective
price series, their tops and bottoms will be synchronized.

You would extract the same trades from QQQ or QLD as you did from TQQQ, but
the profits or losses would be 33% and 66% times lower.
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For example, on a Type-D trade, you would get the open price in all three scenarios
and close those trades at Friday’s close with their respective percent loss after having
adjusted the profit targets and stop losses for QQQ or QLD. What was a 2% move
for QQQ, gave a 4% price move in QLD, and a 6% gain in TQQQ.

The QLD scenario, based on the adjustments made to Fleury’s OPPW TQQQ
strategy would give:

F (t) = 0.5790 · 100000 ·
(
1 +

0.0443

3
· 2
)500

·
(
1− 0.0255

3
· 2
)396

= 136, 168, 866

And if you added the January modifications to the program, which moves increased
the number of positive trades by 11 and reduced the number of losing trades by 10
managed to increase the expected portfolio’s outcome:

F (t) = 0.5790 · 100000 ·
(
1 +

0.0443

3
· 2
)500+11

·
(
1− 0.0255

3
· 2
)396−10

= 222, 631, 790

We do get a reasonable approximation, provided we reduce all profit targets and stop
losses by the appropriate factor.

We would have the same trading behavior, meaning buying and selling at the same
times as with TQQQ, but having, on average, 1/3 or 2/3 less impact. What was a 6%
profit target in TQQQ would now be a 2% profit in QQQ and a 4% rise in QLD.

With TQQQ, we have an overall average profit per trade of: 1.031%.5 We could use
the portfolio equation to estimate QQQ based on TQQQ’s average return per trade:

F (t) = 0.5790 · 100000 ·
(
1 +

0.01314

3

)896

= 2, 906, 275

The 0.01314 average return could have been rounded in the portfolio metrics to
0.0131. So, we do again have a reasonable ballpark estimate using QQQ, and it
appears to track the TQQQ average portfolio metrics. It is quite understandable,
since the strategy is fully scalable and uses TQQQ’s trading statistics, which move
in sync with QQQ but are amplified by 3x.

In a performance-wise comparaison, we would have:

F
QQQ

F
TQQQ

≈ 3, 003, 942

5, 406, 641, 497
= 0.0005556

That is 0.05556% of TQQQ’s potential profits. Let that sink in, too.

The impact of trading a 3x-leveraged scenario is considerable. Comparing TQQQ,
a 3x leveraged version of QQQ, yielded 1,800 times more profit. And not the naive
expectation that it would result in only 3 times as much.

5 Refer to the portfolio metrics in Figure #2 in A Casino Gaming Equation.
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The future distribution of returns ri for either TQQQ, QLD, or QQQ will resemble their
respective past return distribution. And these returns will be in sync and again scaled
by 33% or 66% of their respective TQQQ values.

All three scenarios, QQQ, QLD, and TQQQ, will have maintained the same trading
logic. The only thing that would have changed in Fleury’s OPPW program would be
the numbers for the profit targets and stop losses. Nothing else would have changed.

We therefore would have 3 program versions based on the same code — one trading
QQQ, another trading QLD, and the other trading TQQQ.

The trading philosophy would remain the same, the chicken approach to trading
would still prevail, and at the first sign of price weakness, the break-even procedures
would move in.

As I often emphasized, ”it is your choice, it is up to you to choose your potential
CAGR going forward”, it is what I meant. You can determine beforehand what you
would like to expect in the future.

You are presented with 3 scenarios based on the same program, each with profit
targets and stop losses tied to TQQQ’s historical price variations.

Three programs with the same trading logic, but with only the profit target and
stop-loss percentages different, and still fixed in proportion to TQQQ’s values.

All trades in all three scenarios occur at the same time and under the same program
routines. We could resume it all with the following set of equations:

For TQQQ : F (t) = 0.5790 · 100000 · (1 + 0.0443)500 · (1− 0.0255)396 = 5, 406, 641, 497

For QLD : F (t) = 0.5790 · 100000 ·
(
1 +

0.0443

3
· 2
)500

·
(
1− 0.0255

3
· 2
)396

= 136, 168, 866

For QQQ : F (t) = 0.5790 · 100000 ·
(
1 +

0.0443

3

)500

·
(
1− 0.0255

3

)396

= 3, 003, 942

While a buy and hold of QQQ would have given: 1, 312, 467.

All four of the above choices are yours to make. All four require that you put your
money on the table. All four require very little of your time. Three of them use a
trading program to determine their trades, even though you can do it all by hand.

It gets back to the return distribution chart,6 where we have no control of which trade
type will come next. But we know that any of those trades will fall into one of the four
trade types.

6 Refer to Figure #1 in A Casino Gaming Equation.
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You will get the same distribution with QQQ, QLD, or TQQQ; the only difference will
be the distribution’s amplitude and spread. But again, it is a choice you can make.
Which scenario will you choose?

We know how trades will distribute over time. In the above-mentioned chart, there
are only four trade types. You could add other trade types and trading procedures
to improve performance. You have enough market data on any stock or ETF to
analyze its past price behavior and gather worthwhile statistics on which you could
take action.

One caveat: stocks do not behave the same as ETFs. Usually, ETFs are averages
over many stocks selected based on some criteria. ETFs will have lower volatility
because they average the price movements of many of their constituent stocks.
Playing averages should be less risky than trading individual stocks.

However, this does not stop stocks from outperforming ETFs or being more volatile.
The big difference comes from playing a 3x-leveraged scenario as presented. You
have your trading strategy compounding a 3x-leveraged ETF. And with no added
leveraging fees. TQQQ is one of the high volatility scenarios available. It also has
the price security of QQQ, which will not go under anytime soon.

You can do better than equation (5). It is always, and still is, up to you.
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